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Random Forest (RF)
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- Key point matching [Lepetit et al., 2006]
« Object detector [Shotton et al., 2008][Gall et al., 2011]

. Iilgggl]written character recognition [Amit&Geman,

 Visual word clustering
[Moosmann et al.,2006]
- Pose recognition
[Yamashita et al., 2010]
« Human detector
[Mitsui et al., 2011]
[Dahang et al., 2012]
« Human pose estimation
[Shotton 2011]
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- Scikit-learnZ{E£51ZF
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sklearn.ensemble RandomForestClassifier
train_data F 1, %], f2, 21, -1, =11,

train_label [ : B2 : B9 1 55
test_data FE3, 21 3. 31

ATS1b%

model = RandomForestClassifier() a2
model .fit(train_data, train_label) jfgga.
output = model.predict(test_data) 2l

label output:
print(label)
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