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(maximum likelihood estimation)
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Octave
o
N
p(X; ,0°%) =
o
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Octave

ex4.m

clear all
n=5; mu=0; sigma=1;
xx=sigma*randn(n,1)+mu;

mu_MLE=mean(xx);
sigma_MLE=std(xx,1);

x=-4:0.1:4;

y=normal_pdf(x,mu,sigma);
y_MLE=normal_pdf(x,mu_MLE,sigma_MLE);
plot(x,y,'r-',X,y_MLE,'b-";
legend(‘true’,'estimated’)

print -deps gaussld pdf.eps
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